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Human decision-making, shaped by a confluence of internal dispositions and contextual
factors, plays a fundamental role in the formation of social actions and political behaviors.
Understanding the moral preferences underlying such decisions is essential for elucidating
the mechanisms that govern social order. Adopting an interdisciplinary approach, this study
leverages Twitter big data to investigate moral preferences and their relationship with
individuals' political orientations. The Moral Foundations framework was operationalized
and validated through deep learning models applied to a large-scale dataset of tweets. Our
findings identify key constructs—including group cohesion, attention-seeking tendencies,
distrust, value orientation, accountability, and cognition—as central to the structuring of
political behavior. These constructs exhibit distinct patterns across different political groups
(i.e., Reformists, Principlists, Antagonists, and Apolitical users).

Results indicate that user behavior is shaped less by formal factional labels and more by
distinctive moral preference profiles. An ethics of responsibility and trust, along with group
dynamics favoring conformity, underpinned the stability of political camps. Notably,
Reformists and Principlists, despite their discursive opposition, display a similar "moral
signature," whereas Antagonists present a distinctive profile characterized by the valorization
of power, pronounced distrust, and resistance to stasis. Apolitical users, in contrast,
predominantly orient toward close interpersonal relations and micro-identities. Performative
solidarity and adversarial discourse among factions, symbolic boundary-making by
Principlists, algorithmically driven activism by Antagonists, and the ironic distancing of
Apolitical users all reflect adaptive strategies within Twitter's "moral marketplace"—a space
where traditional solidarities have fragmented into competing sub-communities.
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Introduction

Political behavior is rarely a product of purely rational calculation; rather, it emerges from a complex
interplay of internal dispositions, cultural values, and contextual social dynamics. Understanding the
moral preferences underlying political decisions is therefore fundamental to explaining social
cohesion, ideological cleavages, and collective identity formation. Moral Foundations Theory (MFT)
has offered a robust framework for linking intuitive moral judgments to political ideology, yet most
empirical work remains confined to survey data and English-language corpora, leaving non-Western
digital public spheres largely unexplored.

Social media platforms—oparticularly Twitter—have transformed political discourse, especially
during high-stakes national events. In lran, Twitter serves as a critical arena for political
contestation. However, existing research on Persian Twitter has predominantly focused on network
topology, sentiment polarity, or candidate mentions, often neglecting the deeper ethical and
psychological drivers of user engagement. This study addresses this gap by adopting an
interdisciplinary computational social science approach. Using a large-scale dataset of Persian tweets
from the 2017 Iranian presidential election, we pursue three objectives: (1) to operationalize and
validate the Eight Bipolar Moral Preferences (EBMP) framework—a culturally grounded moral
model—via deep learning; (2) to estimate users’ political orientations through social network
analysis; and (3) to systematically examine the relationship between expressed moral preferences
and political alignment. This paper thus contributes to moral psychology, non-English NLP, and the
empirical understanding of political behavior in contemporary Iran.

Methodology
Our mixed-methods design integrates qualitative content analysis, computational network analysis,
and supervised deep learning.

Data Collection. We collected 2,308,325 Persian tweets related to the 2017 presidential election
over a one-month period surrounding the election date. Data were cleaned by removing irrelevant
characters, advertisements, and extra symbols, with orthographic normalization applied to all texts.

Moral Preference Framework and Annotation. The EBMP framework, developed through
prior grounded-theory research, comprises eight bipolar dimensions: Group (+/-), Cognition (+/-),
Value (+/-), Trust (+/-), Responsibility (+/—), Attention (+/—), Power (+/-), and Inertia (+/-). A
random sample of 10,000 tweets was manually annotated by four interdisciplinary experts
(sociology, anthropology, political science, and psychology) using a standardized protocol, achieving
an inter-coder agreement of 71.68%. To scale annotation, we employed a semi-supervised word-
expansion approach. TF-IDF extracted the top 100 distinctive terms per preference; a custom lexicon
combined 80% election-period tweets with 20% established psychological dictionaries. Automated
labeling occurred when a tweet contained at least two lexicon terms. This expanded the labeled
dataset to 120,000 posts, with expert validation on a random 500-sample confirming >89% accuracy.

Deep Learning Models. For each of the eight preferences, we trained separate neural networks
using GloVe and FastText 50-dimensional embeddings. Three architectures were tested: LSTM,
Transformer, and BERT (with ParsBERT for Persian optimization). Training used the Adam
optimizer, categorical cross-entropy loss, and 5-fold cross-validation. The final model achieved a
mean accuracy of 68.77% against human validation, which—though slightly below human inter-
coder agreement—was deemed sufficient for large-scale classification.

Political Orientation Estimation. To infer users’ political leanings, we constructed a multi-
layered retweet and follower network. Starting with 4,000 highly active users, we crawled
follower/following relationships to build a second-layer graph (32,846 nodes, 3.75M edges) and a
third-layer graph (36,224 users, 15.8M edges). Community detection used the Blondel algorithm.
Four distinct political clusters were labeled via qualitative content analysis of users’ last 100 tweets
and biographies: Reformists, Principlists (conservatives), Antagonists (regime opponents), and
Apolitical users. Inter-coder reliability for community labeling was 0.77 (Krippendorff’s alpha).

Statistical Association. Pearson correlation and regression analyses quantified the relationship
between moral preference frequencies (per user) and political group membership, controlling for
activity level and network centrality.
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Findings
The results reveal a structured moral landscape with clear group-specific patterns.

Overall Moral Preferences. Across the entire dataset, Group+ (23.4%) and Attention+ (21.1%)
were most frequent, followed by Value+ (13.2%), Responsibility+ (11.8%), and Trust— (10.5%).
Power—, Inertia+, and Attention— were least common. This indicates that users generally prioritize
belonging, social recognition, value-commitment, and accountability over radical anti-
authoritarianism or passive conservatism.

Reformists and Principlists—A Shared Moral Core. Despite their political rivalry, Reformists
and Principlists exhibited remarkably similar “moral signatures.” Both groups ranked Group+ and
Attention+ highest, followed by Trust—, Value+, and Responsibility+. This overlap suggests that
both factions experience politics primarily as a field of collective belonging and recognition within
the existing order, with moral sensitivity oriented toward loyalty, care, and interactional fairness.
Their differences are largely programmatic and discursive, not foundational.

Antagonists—A Distinctive Profile. Regime opponents displayed a sharply divergent pattern.
Power+ was dominant, followed by Attention+, Trust—, and Inertia—. Their discourse centers on
authority critique, institutional distrust, and radical change. A higher Group— score also indicates
active boundary-making against ruling elites. This aligns with oppositional discourse studies, where
moral language organizes around power-resistance and systemic transformation.

Apolitical Users—Micro-Social Morality. Apolitical users centered on Attention+ and Group+,
but with significantly lower Trust—, Power+, and Inertia— scores compared to political groups. Their
moral concerns are micro-social—interpersonal relationships, emotional expression, and personal
identity. A slightly higher Value— score suggests skepticism toward grand ideological narratives,
consistent with cultural detachment and a post-ideological orientation.

Beyond Factional Labels. Regression confirmed that moral preferences predicted political
orientation more strongly than retweet frequency or network centrality, supporting our core
hypothesis that behavior is shaped more by distinct moral preference patterns than official labels
alone. Performative solidarity, symbolic boundary-making, algorithmic activism, and ironic
distancing all appear as adaptive strategies within Twitter’s “moral marketplace,” where traditional
solidarities have fragmented into competing sub-publics.

Discussion and Conclusion

This study makes three key contributions. Theoretically, it validates the EBMP framework as a
culturally sensitive extension of MFT. While universal moral foundations (care, fairness, loyalty)
remain active, their weighting is significantly modulated by Iran’s socio-political context. The moral
overlap between Reformists and Principlists challenges assumptions of deep ethical polarization,
while the Antagonists’ profile highlights how oppositional identities are morally constructed around
power-resistance and radical distrust.

Methodologically, we demonstrate that deep learning models, combined with semi-supervised
expansion and custom lexicons, achieve acceptable classification accuracy for Persian conversational
text—a challenging NLP task. The integration of network analysis and text classification provides a
replicable template for non-Western digital contexts.

Empirically, political behavior in Iran’s Twittersphere reflects deeper moral motivations, not
merely partisan loyalty. The “moral marketplace” metaphor captures how users adapt their moral
rhetoric to both audience expectations and platform algorithms, forming stable yet competing moral
communities.

Limitations and Future Directions. This study is limited to one election cycle and one
platform. Future work should examine temporal variations across multiple elections, incorporate
qualitative interviews and surveys for cross-validation, and employ large language models (LLMSs)
and generative Al for richer contextual understanding. From a policy perspective, we recommend
that research funding prioritize the systematic study of moral and value preferences over purely
political labels, as these deeper ethical layers offer a more robust analytical basis for understanding
polarization, social cleavages, and the potential for constructive dialogue in divided societies.
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